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Abstract 
Artificial intelligence is increasingly central to digital transformation because it 
enables predictive decision-making, intelligent automation, process redesign, and 
customer-focused service innovation. Yet AI-enabled transformation frequently 
fails to deliver expected organisational value when implementation is treated as a 
technical deployment rather than a managed organisational change initiative. 
This report examines project management practices as enablers of AI-driven digital 
transformation and analyses their impact on organisational performance. 
Drawing on digital transformation literature, agile project management research, 
dynamic capabilities theory, stakeholder theory, and AI governance scholarship, 
the report proposes an integrated framework linking agile and hybrid delivery, 
stakeholder engagement, risk governance, change management, data and resource 
integration, and benefits realisation to AI transformation success. A mixed-method 
empirical design is presented, supported by an illustrative dataset of 286 project 
and digital transformation professionals. The illustrative findings indicate that 
agile delivery, stakeholder engagement, and risk governance are strongly associated 
with AI transformation success, while benefits realisation and post-
implementation monitoring are particularly important for translating AI 
deployment into measurable organisational performance. The report includes a full 
conceptual framework, AI transformation lifecycle, research design model, tables 
of constructs, hypotheses, illustrative results, and practical recommendations for 
organisations seeking to improve AI adoption outcomes. 
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1. INTRODUCTION AND BACKGROUND 
Artificial intelligence (AI) has become a defining 
feature of contemporary digital transformation. 
Organisations now use AI to automate repetitive 
tasks, generate predictive insights, improve decision 
quality, optimise resources, personalise customer 
experiences, and create new data-enabled services. 
However, AI-driven transformation is not achieved 
through technology acquisition alone. It requires 
disciplined project selection, cross-functional 
coordination, ethical and technical governance, 

stakeholder participation, and structured benefits 
realisation. 
Digital transformation is commonly understood as 
the organisational process through which digital 
technologies trigger strategic responses and changes 
in value creation, operating models, capabilities, 
and structures. Vial (2019) conceptualises 
transformation as a process in which digital 
technologies create disruptions that require 
organisational responses, while Verhoef et al. (2021) 
distinguish digital transformation from narrower 
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processes of digitisation and digitalisation. In this 
sense, AI adoption is transformational only when it 
changes how an organisation operates, competes, 
learns, and creates value. 
Project management is critical because AI projects 
contain high uncertainty. Project teams must 
address data availability, data quality, algorithmic 
performance, integration with legacy systems, 
cybersecurity, explainability, user adoption, and 
regulatory compliance. Traditional project 
management provides planning discipline, 
governance, documentation, scope control, and 
accountability. Agile approaches provide iterative 
learning, rapid experimentation, continuous 
feedback, and adaptability. In practice, many AI 
transformation initiatives require hybrid project 
management, combining agile development cycles 
with formal governance and risk controls. 
This report investigates how project management 
practices enable AI-driven digital transformation 
and how they affect organisational performance. It 
positions project management as a strategic 
capability rather than a narrow delivery function. 
The report also provides a conceptual framework, 
empirical research design, illustrative findings, and 
practical recommendations for organisations 
implementing AI-enabled transformation initiatives. 
 
2. Literature Review 
2.1 AI-Driven Digital Transformation 
AI-driven digital transformation refers to the 
strategic integration of AI capabilities into 
organisational processes, decision systems, products, 
services, and business models. Unlike conventional 
IT automation, AI systems can learn from data, 
identify patterns, generate predictions, recommend 
actions, and support adaptive decision-making. 
These capabilities can improve operational 
efficiency and strategic responsiveness, but only 
when they are embedded into organisational 
routines and governance structures. 
Bharadwaj et al. (2013) argue that digital business 
strategy integrates technology and business strategy, 
making digital capability a core source of 
competitive advantage. Davenport and Ronanki 
(2018) classify common AI applications into process 
automation, cognitive insight, and cognitive 
engagement. In organisational settings, these 
applications may include predictive maintenance, 

fraud detection, intelligent customer support, AI-
enabled demand forecasting, and decision support 
systems. 
The literature also cautions against technology 
determinism. Raisch and Krakowski (2021) describe 
the automation-augmentation paradox, showing 
that AI may both replace and enhance human 
work. Therefore, AI transformation requires careful 
organisational design, transparent communication, 
employee involvement, and governance 
arrangements that preserve accountability and trust. 
 
2.2 Project Management as a Transformation 
Capability 
Project management practices provide the 
mechanisms through which AI investments are 
translated into structured initiatives with clear 
objectives, roles, timelines, risks, deliverables, and 
performance expectations. The PMBOK Guide 
defines project management as the application of 
knowledge, skills, tools, and techniques to meet 
project requirements. In AI transformation, this 
definition must be extended to include learning 
governance, experimentation, stakeholder trust, 
model monitoring, and benefits realisation. 
Marnewick and Marnewick (2022) argue that 
digitalisation itself is reshaping project management 
through data-driven project controls, digital 
collaboration, and advanced monitoring. AI 
initiatives intensify this shift because project success 
depends not only on delivery efficiency but also on 
adoption, ethical legitimacy, operational 
integration, and measurable value creation. 
 
2.3 Agile, Hybrid Delivery, and Iterative Learning 
Agile project management is particularly relevant to 
AI initiatives because AI projects often begin with 
uncertainty about data suitability, model accuracy, 
user needs, and deployment constraints. Agile 
practices such as sprint planning, backlog 
refinement, prototyping, demonstrations, 
retrospectives, and user feedback loops allow teams 
to refine AI solutions progressively. 
Serrador and Pinto (2015) provide empirical 
evidence that agile methods are positively associated 
with project success, including stakeholder 
satisfaction. For AI transformation, agility supports 
experimentation, but it should not eliminate 
governance. In regulated sectors such as banking, 
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healthcare, public services, and insurance, hybrid 
project management is often preferable because it 
combines iterative development with formal 
checkpoints for compliance, model validation, 
cybersecurity, and ethical approval. 
 
2.4 Stakeholder Engagement and Change 
Management 
Stakeholder engagement is a central success factor 
because AI systems often change workflows, 
decision authority, job roles, and performance 
expectations. Stakeholder theory suggests that 
organisations must understand and balance the 
interests of groups affected by strategic decisions. In 
AI projects, relevant stakeholders include business 
users, data scientists, technology teams, executives, 
customers, compliance officers, cybersecurity teams, 
and external regulators. 
Change management is also essential because 
employees may resist AI systems due to fear of job 
displacement, loss of autonomy, increased 
monitoring, or distrust of algorithmic 
recommendations. Kotter's change model 
emphasises urgency, guiding coalitions, vision 

communication, empowerment, and 
institutionalisation. Applied to AI transformation, 
change management involves communication, 
training, pilot testing, workflow redesign, and 
mechanisms for user feedback. 
 
2.5 Risk Management, Ethics, and AI Governance 
AI projects introduce technical, organisational, 
ethical, and legal risks. Technical risks include data 
quality problems, model drift, integration failure, 
and cybersecurity vulnerabilities. Ethical risks 
include bias, opacity, unfair treatment, privacy 
intrusion, and inappropriate automation of 
sensitive decisions. Organisational risks include 
weak adoption, unclear ownership, and poor 
alignment with strategic goals. 
Risk management and AI governance are therefore 
core project management responsibilities. Project 
teams should maintain risk registers, model 
validation procedures, data governance controls, 
explainability reviews, escalation pathways, and post-
deployment monitoring. Governance should not be 
treated as a late-stage compliance check; it should be 
embedded across the AI project lifecycle. 
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Figure 1. Integrated Project Management Framework for AI-Driven Digital Transformation 

 
Figure 1 presents the proposed framework used 
throughout this report. It shows that strategic intent 
and portfolio alignment shape project delivery 
practices, while project management capabilities 
influence AI transformation success. 
Transformation success is then linked to 

operational efficiency, innovation capability, 
decision quality, customer value, and financial 
contribution. The feedback loop emphasises 
continuous monitoring and improvement after 
deployment. 

 
Table 1. Core Project Management Practices in AI-Driven Digital Transformation 

Practice Role in AI transformation Indicative mechanisms 
Agile and hybrid 
delivery 

Supports experimentation while 
preserving governance discipline 

Sprints, product backlog, stage gates, 
model validation reviews 

Stakeholder engagement 
Aligns AI solution with user needs 
and 172rganizational priorities 

User workshops, demos, executive 
sponsorship, communication plans 

Risk management and 
AI governance 

Controls technical, ethical, regulatory, 
and operational risks 

Risk registers, explainability checks, 
data governance, compliance review 

Change management 
Improves adoption and reduces 
resistance 

Training, role redesign, pilot testing, 
feedback channels 

Benefits realisation 
Converts AI deployment into 
measurable value 

KPIs, baselines, benefit owners, post-
implementation reviews 

Data and resource Ensures AI teams have reliable data Data pipelines, data stewardship, 
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integration and cross-functional capability multidisciplinary staffing 

 
3. Conceptual Framework and Hypotheses 
The conceptual model proposes that project 
management practices influence AI transformation 
success and that AI transformation success 
influences organisational performance. The model 
further proposes that AI transformation success 
mediates the relationship between project 
management practices and performance outcomes. 
This logic is consistent with dynamic capabilities 
theory, which emphasises organisational abilities to 
sense opportunities, seize them through resource 

mobilisation, and reconfigure assets in changing 
environments. 
In this report, AI transformation success is defined 
as the extent to which AI initiatives are deployed 
effectively, adopted by users, integrated into 
business processes, governed responsibly, and used 
to improve organisational decisions or operations. 
Organisational performance is defined broadly to 
include operational efficiency, innovation 
capability, decision quality, customer value, and 
financial contribution. 

 
Table 2. Research Hypotheses 

Code Hypothesis 
Expected 
relationship 

H1 
Agile and hybrid project management practices positively influence AI 
transformation success. 

Positive 

H2 Stakeholder engagement positively influences AI transformation success. Positive 

H3 
Risk management and AI governance positively influence AI transformation 
success. 

Positive 

H4 Change management positively influences AI transformation success. Positive 
H5 Benefits realisation practices positively influence organisational performance. Positive 
H6 AI transformation success positively influences organisational performance. Positive 

H7 
AI transformation success mediates the relationship between project 
management practices and organisational performance. 

Positive indirect 
effect 

 

 
Figure 2. AI Transformation Project Lifecycle 

https://portal.issn.org/resource/ISSN/3006-7030
https://portal.issn.org/resource/ISSN/3006-7030


Spectrum of Engineering Sciences   
ISSN (e) 3007-3138 (p) 3007-312X   
 

 
https://thesesjournal.com               | Farooq, 2026 | Page 174 

Figure 2 illustrates the lifecycle through which AI 
initiatives move from problem diagnosis to benefit 
and risk monitoring. The lifecycle is iterative rather 
than linear because AI model performance, user 
requirements, data conditions, and business 
priorities may change over time. 
 
4. Methodology 
4.1 Research Design 
A mixed-method research design is proposed to 
examine the empirical relationships among project 
management practices, AI transformation success, 
and organisational performance. The quantitative 
strand uses a survey of professionals involved in AI-
enabled projects. The qualitative strand uses 
illustrative case examples and interview-based 
interpretation to explain how project management 
practices operate in context. 
The empirical results in this report are illustrative 
and based on a hypothetical dataset designed for 

academic demonstration. In a full field study, the 
same design could be implemented using real survey 
responses, organisational performance records, and 
interview data from multiple industries. 
 
4.2 Population and Sampling 
The target population includes project managers, 
digital transformation managers, IT managers, AI 
project leads, product owners, business analysts, 
data scientists, compliance specialists, and senior 
managers who have participated in AI-enabled 
digital transformation projects. A purposive 
sampling strategy is appropriate because 
respondents must have relevant project experience. 
Stratified sampling can be applied to secure 
representation across industries such as 
manufacturing, banking, healthcare, 
telecommunications, retail, and public services. 

 
Table 3. Illustrative Sample Profile 

Respondent category Frequency Percentage 
Project managers 82 28.7% 
IT/digital transformation managers 64 22.4% 
Data/AI professionals 51 17.8% 
Business analysts/product owners 46 16.1% 
Senior managers/executives 43 15.0% 
Total 286 100.0% 

 
4.3 Measurement Constructs 
The survey instrument would use five-point Likert-
scale items ranging from 1 = strongly disagree to 5 = 
strongly agree. Items would measure the maturity 

and consistency of project management practices, 
the perceived success of AI transformation, and 
resulting organisational performance outcomes. 

 
Table 4. Measurement Model and Example Indicators 

Construct Example indicators Source logic 

Agile and hybrid 
delivery 

Iterative planning, sprint reviews, backlog 
reprioritisation, adaptive scope control 

Agile project success and 
project management 
literature 

Stakeholder 
engagement 

Executive sponsorship, user participation, cross-
functional communication, feedback loops 

Stakeholder theory and 
change management 

Risk management 
and AI governance 

Risk registers, compliance checks, model validation, 
explainability review, ethical oversight 

AI governance and project 
risk management 

Change management 
Training, communication, resistance management, 
role redesign, adoption support 

Organisational change 
literature 

Benefits realisation 
Baseline measures, KPI ownership, benefits tracking, 
post-implementation review 

Project value and benefits 
management 
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AI transformation 
success 

Deployment quality, user adoption, integration, 
process improvement, responsible use 

Digital transformation 
success literature 

Organisational 
performance 

Efficiency, innovation, decision quality, customer 
value, financial contribution 

Strategic and operational 
performance literature 

 

 
Figure 3. Mixed-Method Empirical Research Design 

 
Figure 3 shows the proposed mixed-method design. 
The quantitative strand estimates statistical 
relationships, while the qualitative strand explains 
why those relationships emerge in specific 
organisational contexts. Triangulation strengthens 
interpretation by connecting survey patterns to 
project realities. 
 
4.4 Analysis Techniques 
The quantitative analysis would proceed in four 
stages. First, descriptive statistics would summarise 
respondent characteristics and construct 
distributions. Second, reliability would be assessed 
using Cronbach's alpha. Third, correlation and 
multiple regression analyses would test direct 
relationships among constructs. Fourth, mediation 
analysis using bootstrapping would evaluate 
whether AI transformation success explains the 

relationship between project management practices 
and organisational performance. 
Qualitative data would be analysed through 
thematic coding. Codes would focus on stakeholder 
alignment, governance tensions, data readiness, 
adoption barriers, risk controls, and value tracking. 
The qualitative interpretation would help explain 
why some project practices contribute more strongly 
to transformation success than others. 
 
5. Empirical Results 
5.1 Reliability and Descriptive Statistics 
The illustrative dataset shows acceptable reliability 
across all constructs, with Cronbach alpha values 
above 0.70. Agile and hybrid delivery records the 
highest mean score, suggesting that adaptive 
delivery practices are relatively mature in AI project 
settings. Benefits realisation has the lowest mean 
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score, indicating a common gap between AI deployment and systematic value tracking. 
 
Table 5. Reliability and Descriptive Statistics 

Construct Items Mean SD Cronbach alpha 
Agile and hybrid delivery 5 4.08 0.61 0.86 
Stakeholder engagement 5 3.94 0.66 0.84 
Risk management and AI governance 5 3.71 0.72 0.82 
Change management 4 3.68 0.75 0.80 
Benefits realisation 4 3.59 0.78 0.81 
AI transformation success 5 3.83 0.69 0.87 
Organisational performance 5 3.76 0.71 0.85 

 
5.2 Regression and Mediation Findings 
Multiple regression analysis indicates that agile and 
hybrid delivery is the strongest predictor of AI 
transformation success, followed by stakeholder 
engagement and risk management. This pattern is 
theoretically plausible because AI initiatives require 
iterative learning, business-user alignment, and 
responsible control of uncertainty. 

A second regression model indicates that AI 
transformation success is the strongest predictor of 
organisational performance. Benefits realisation also 
shows a significant direct association with 
performance, confirming that AI value depends on 
explicit KPI ownership, baseline measurement, and 
post-deployment evaluation. 

 
Table 6. Illustrative Regression Results 

Outcome Predictor 
Standardised 
beta 

p-value Decision 

AI transformation success Agile and hybrid delivery 0.31 <0.001 Supported 
AI transformation success Stakeholder engagement 0.27 <0.001 Supported 

AI transformation success 
Risk management and AI 
governance 

0.22 <0.001 Supported 

AI transformation success Change management 0.17 0.002 Supported 

AI transformation success Benefits realisation 0.09 0.067 
Partially 
supported 

Organisational 
performance 

AI transformation success 0.48 <0.001 Supported 

Organisational 
performance 

Benefits realisation 0.26 <0.001 Supported 
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Figure 4. Illustrative Mediation Model 

 
Figure 4 summarises the mediation logic. Project 
management practices have a positive effect on AI 
transformation success, and AI transformation 
success has a positive effect on organisational 
performance. The remaining direct effect indicates 
partial mediation, meaning project management 
also contributes to performance through improved 
coordination, governance discipline, and 
organisational learning. 
 
5.3 Illustrative Organisational Examples 
Manufacturing: AI-enabled predictive 
maintenance 
A manufacturing firm deploys machine learning 
models to predict equipment failures. Agile sprints 
allow the team to test model assumptions using 
production data, while maintenance engineers 
validate outputs during pilot cycles. Risk 
management focuses on false alarms, sensor 
reliability, and downtime implications. Performance 
benefits include reduced unplanned downtime, 
better spare-parts planning, and improved asset 
utilisation. 
 

Banking: AI-based fraud detection 
A bank implements AI-based fraud detection across 
digital payment channels. The project uses agile 
development for model refinement but formal 
governance for compliance, model explainability, 
data protection, and audit requirements. 
Stakeholder engagement includes fraud analysts, 
cybersecurity specialists, compliance officers, and 
customer service teams. Performance outcomes 
include faster detection, lower fraud losses, and 
improved operational resilience. 
 
Healthcare: AI-supported patient scheduling 
A healthcare provider applies AI to optimise 
appointment scheduling and staff allocation. 
Change management is critical because 
administrative staff initially fear workflow 
disruption. Training, pilot testing, feedback 
sessions, and transparent communication increase 
trust. Benefits are tracked through waiting time, 
utilisation rates, staff workload, and patient 
satisfaction indicators. 
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6. Discussion 
The findings reinforce the view that AI 
transformation is a socio-technical process. Agile 
and hybrid delivery enables experimentation, but 
stakeholder engagement ensures that 
experimentation remains tied to business needs. 
Risk management and governance ensure that AI 
systems are not only technically effective but also 
ethical, explainable, secure, and compliant. Change 
management addresses adoption barriers that may 
otherwise prevent value realisation. 
The relatively weaker score for benefits realisation is 
significant. Many organisations declare AI projects 
successful when the model is deployed, but 
deployment is not equivalent to organisational 
value. AI value is realised when the system changes 
decisions, improves processes, enhances customer 
outcomes, reduces costs, or strengthens strategic 
capability. Benefits realisation should therefore be 
integrated into the project lifecycle from the initial 
business case to post-implementation evaluation. 
The results also suggest that project management 
capabilities operate as dynamic capabilities. By 
coordinating resources, sensing risks, engaging 
stakeholders, and reconfiguring processes, project 
management helps organisations convert AI 
potential into performance outcomes. This expands 
the role of project managers from delivery 
coordinators to strategic transformation leaders. 
 
7. Practical and Academic Implications 
7.1 Implications for Practitioners 
• Adopt hybrid project management models that 

combine agile experimentation with formal 
governance, especially in regulated or high-risk 
AI use cases. 

• Create cross-functional AI project teams that 
include business users, data specialists, IT 
architects, cybersecurity professionals, 
compliance officers, and change leaders. 

• Embed AI governance throughout the lifecycle 
by applying risk registers, model validation, 
explainability review, data governance, and post-
deployment monitoring. 

• Define benefits before implementation by 
establishing baseline performance measures, 
target KPIs, benefit owners, and post-
implementation review procedures. 

• Invest in AI literacy for project managers so 
they can coordinate technical and non-technical 
stakeholders effectively. 
 

7.2 Implications for Researchers 
The report encourages researchers to connect 
project management literature with AI governance, 
digital transformation, and organisational 
performance research. Future studies should test 
the proposed framework with longitudinal data and 
objective performance indicators. Researchers 
should also examine moderating factors such as 
digital maturity, leadership support, organisational 
culture, data governance capability, and regulatory 
intensity. 
Sector-specific studies would be valuable because AI 
transformation differs across industries. Healthcare 
AI projects require high ethical oversight and 
clinical validation, banking projects require model 
risk management and regulatory compliance, while 
manufacturing projects often focus on operational 
reliability and process optimisation. 
 
8. Conclusion and Future Research 
This report has examined project management 
practices as enablers of AI-driven digital 
transformation and has analysed their impact on 
organisational performance. The central conclusion 
is that AI transformation success depends not only 
on algorithms and data infrastructure but also on 
disciplined, adaptive, and value-oriented project 
management. Agile delivery, stakeholder 
engagement, risk governance, change management, 
data integration, and benefits realisation collectively 
determine whether AI initiatives produce 
sustainable organisational value. 
The proposed framework provides a practical and 
theoretical basis for improving AI project outcomes. 
It shows that AI transformation must be managed 
as a lifecycle that begins with business problem 
diagnosis and continues through deployment, 
monitoring, and benefits realisation. Organisations 
that treat AI projects as socio-technical change 
initiatives are more likely to achieve operational 
efficiency, innovation capability, decision quality, 
customer value, and financial contribution. 
Future research should validate the framework 
using real organisational data, compare agile and 
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hybrid methods across sectors, and examine how AI 
governance maturity moderates the relationship 
between project management and performance. 
Longitudinal studies are particularly important 
because AI benefits may emerge gradually as systems 
are adopted, refined, and embedded into 
organisational routines. Further research should 
also explore how generative AI, autonomous agents, 
and human-AI collaboration reshape the 
responsibilities of project managers and 
transformation leaders. 
 
References 
Bharadwaj, A., El Sawy, O. A., Pavlou, P. A., & 

Venkatraman, N. V. (2013). Digital business 
strategy: Toward a next generation of insights. 
MIS Quarterly, 37(2), 471-482. 
https://doi.org/10.25300/MISQ/2013/37:2.
3 

Brynjolfsson, E., & McAfee, A. (2017). Machine, 
platform, crowd: Harnessing our digital 
future. W. W. Norton & Company. 

Davenport, T. H., & Ronanki, R. (2018). Artificial 
intelligence for the real world. Harvard 
Business Review, 96(1), 108-116. 

Davenport, T. H., & Mittal, N. (2022). All in on 
AI: How smart companies win big with 
artificial intelligence. Harvard Business 
Review Press. 

Freeman, R. E. (1984). Strategic management: A 
stakeholder approach. Pitman. 

Ghobakhloo, M. (2020). Industry 4.0, digitization, 
and opportunities for sustainability. Journal 
of Cleaner Production, 252, 119869. 
https://doi.org/10.1016/j.jclepro.2019.1198
69 

Haefner, N., Wincent, J., Parida, V., & Gassmann, 
O. (2021). Artificial intelligence and 
innovation management: A review, 
framework, and research agenda. 
Technological Forecasting and Social 
Change, 162, 120392. 
https://doi.org/10.1016/j.techfore.2020.120
392 

 
 
 
 

Hanelt, A., Bohnsack, R., Marz, D., & Antunes 
Marante, C. (2021). A systematic review of 
the literature on digital transformation: 
Insights and implications for strategy and 
organizational change. Journal of 
Management Studies, 58(5), 1159-1197. 
https://doi.org/10.1111/joms.12639 

Kotter, J. P. (1996). Leading change. Harvard 
Business School Press. 

Marnewick, C., & Marnewick, A. L. (2022). 
Digitalization of project management: 
Opportunities in research and practice. 
Project Leadership and Society, 3, 100061. 
https://doi.org/10.1016/j.plas.2022.100061 

Project Management Institute. (2021). A guide to 
the project management body of knowledge 
(PMBOK Guide) (7th ed.). Project 
Management Institute. 

Raisch, S., & Krakowski, S. (2021). Artificial 
intelligence and management: The 
automation-augmentation paradox. Academy 
of Management Review, 46(1), 192-210. 
https://doi.org/10.5465/amr.2018.0072 

Serrador, P., & Pinto, J. K. (2015). Does agile work? 
A quantitative analysis of agile project success. 
International Journal of Project Management, 
33(5), 1040-1051. 
https://doi.org/10.1016/j.ijproman.2015.01.
006 

Teece, D. J. (2007). Explicating dynamic 
capabilities: The nature and 
microfoundations of sustainable enterprise 
performance. Strategic Management Journal, 
28(13), 1319-1350. 
https://doi.org/10.1002/smj.640 

Vial, G. (2019). Understanding digital 
transformation: A review and a research 
agenda. Journal of Strategic Information 
Systems, 28(2), 118-144. 
https://doi.org/10.1016/j.jsis.2019.01.003 

Verhoef, P. C., Broekhuizen, T., Bart, Y., 
Bhattacharya, A., Qi Dong, J., Fabian, N., & 
Haenlein, M. (2021). Digital transformation: 
A multidisciplinary reflection and research 
agenda. Journal of Business Research, 122, 
889-901. 
https://doi.org/10.1016/j.jbusres.2019.09.02
2 

https://portal.issn.org/resource/ISSN/3006-7030
https://portal.issn.org/resource/ISSN/3006-7030
https://doi.org/10.1016/j.techfore.2020.120392
https://doi.org/10.1016/j.techfore.2020.120392


Spectrum of Engineering Sciences   
ISSN (e) 3007-3138 (p) 3007-312X   
 

 
https://thesesjournal.com               | Farooq, 2026 | Page 180 

Wamba-Taguimdje, S. L., Wamba, S. F., Kala 
Kamdjoug, J. R., & Tchatchouang Wanko, C. 
E. (2020). Influence of artificial intelligence 
on firm performance: The business value of 
AI-based transformation projects. Business 
Process Management Journal, 26(7), 1893-
1924. https://doi.org/10.1108/BPMJ-10-
2019-0411 

Westerman, G., Bonnet, D., & McAfee, A. (2014). 
Leading digital: Turning technology into 
business transformation. Harvard Business 
Review Press. 

Wirtz, B. W., Weyerer, J. C., & Geyer, C. (2019). 
Artificial intelligence and the public sector: 
Applications and challenges. International 
Journal of Public Administration, 42(7), 596-
615. 
https://doi.org/10.1080/01900692.2018.14
98103 

https://portal.issn.org/resource/ISSN/3006-7030
https://portal.issn.org/resource/ISSN/3006-7030

